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TMVA response for classifier: MLP

TMVA response for classifier: CFMIpANN
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TMVA response for classifier: BDT
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Cut efficiencies and optimal cut value Cut efficiencies and optimal cut value
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Next best performing method
that’s not a neural net: Boosted Decision Tree

Cut efficiencies and optimal cut value
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Background rejection versus Signal efficiency
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Now with electron pairs trained from pi0-> ge+e-
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TMVA response for classifier: MLP
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Background rejection versus Signal efficiency
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TMVA response for classifier: MLP TMVA response for classifier: TMIpANN
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TMVA response for classifier: MLP
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Cut efficiencies and optimal cut value Cut efficiencies and optimal cut value
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Background rejection versus Signal efficiency
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